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Artificial intelligence (Al) in health care is being rapidly
adopted in perhaps one of the most rapid imple-
mentations of technology in medicine to date. Better
thought of as augmented intelligence, as a tool that
provides assistance to physicians and patients, many
guidelines for its use have been issued, but consensus
has not yet been achieved on issues such as privacy,
disclosure, and fairness. Patients and physicians need
ethical guidance at the point of care. Three guide-
posts described in this American College of Physicians

position paper and rooted in the patient-physician
relationship—principles of medical ethics, clinical integ-
rity, and physician-independent practical reasoning—
can inform the ethical use of Al: relationality, self-
governance, and competence. This paper examines
the implications of Al for patients, physicians, and
health care and provides guidance for its ethical use.
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rtificial intelligence (Al) is changing medical prac-

tice, research, education, and many other aspects
of health care (1-6). Although Al holds promise to
improve the efficiency and quality of health care, it
can also have negative effects on patient-physician
relationships and patient care. Patients entrust physi-
cians to care for the whole patient, which is a commit-
ment Al cannot make. In addition, Al cannot be
accountable to and for patients; fully appreciate indi-
vidual patient values; relate data and information to
patient values (especially over time); grapple with the-
oretically strong but empirically weak or competing
treatment options (7); engage in eye contact or thera-
peutic touch (8); facilitate trust, hope, or closure (9); form
a therapeutic alliance; seek patient-centered outcomes;
or evaluate real-world decisions under conditions of
uncertainty based on clinical experience and judgment.

To date, 200 Al ethics guidelines and 17 consensus
statements have been released worldwide (10), focus-
ing on Al governance (11, 12), Al developer and health
care organization responsibilities, and physician obliga-
tions to disclose Al use (13-15). Although consensus
around transparency, justice and fairness, beneficence
and nonmaleficence, and privacy (16) may be emerging,
ethical guidance for Al use at the point of care is lacking.

The American College of Physicians (ACP) seeks
to provide this guidance in this position paper. Ethical
use of Al in medical practice should adhere to the fol-
lowing 3 guideposts, grounded not only in principles,
clinical integrity, and professionalism but also in the

reality of patient-physician relationships and the health
care environment:

Relationality: Physicians use practical reasoning
ability to advance each unique patient's health based on
ethical principles: beneficence (acting in the patient’s
best interest), nonmaleficence (the duty to do no harm),
and respect for patient autonomy (supporting the
patient’s free choices) (17).

Self-governance: Physicians self-regulate, key to
being members of a profession (17), with independent
clinical judgment and integrity.

Competence: Physicians have medical expertise to
apply in the service of patients, enabling them to appro-
priately tailor recommendations to each patient's needs,
treat patients without bias, and support the societal obli-
gation to equitably distribute health care (17).

In a prior position paper, ACP advised using Al as
"augmented” intelligence, “as a tool to assist clinicians,”
(18) and has developed an Al Resource Hub (www.
acponline.org/clinical-information/clinical-resources-
products/artificial-intelligence-ai-resource-hub). This
paper complements that paper by expanding on the
ethical aspects of that work and potential point-of-
care Al uses (Table). It focuses on physicians, but the
recommendations also may apply to other health care
professionals.

METHODS
The authors developed this position paper on
behalf of the ACP Ethics, Professionalism and Human
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Table. Ethical Guideposts, Position Statements, and Practical Implications

Ethical Guideposts

Relevant ACP Positions Summarized

Practical Implications: Al Should Be Used in Ways
That ...

Relationality
Focus on the good of the individual

patient Position 2. Preserve competencies of caring and

Create and maintain a therapeutic alliance fairness

with the patient

judgment

Self-governance
Self-regulate

Maintain physician judgment and clinical

fairness

integrity judgment
Position 4. Identify and mitigate bias
Competence Position 2. Preserve competencies of caring and

Maintain physician knowledge and skills fairness

Benefit patients justly and equitably

Position 3. Promote patient values and clinical
Position 2. Preserve competencies of caring and

Position 3. Promote patient values and clinical

Position 4. Identify and mitigate bias

Position 1. Support patient-physician relationship  Promote sufficient time between physicians and

patients
Support physician care and attention to patients

Provide beneficial access to physicians for patients

Support physician ethical responsibility for clinical
decisions
Ensure transparency and explainability of Al

Minimize/eliminate bias

Develop fairness metrics and governance models with
patient input

Avoid deskilling of physicians or trainees

Recommit to the competencies of caring

Develop new competencies for appropriately using Al

ACP = American College of Physicians; Al = artificial intelligence.

Rights Committee (EPHRC). Committee members abide
by ACP's conflict-of-interest policy and procedures;
appointment to the EPHRC and its procedures are
governed by ACP’s bylaws. Based on the subject of
medical ethics and professionalism, the Committee
used a narrative-style review of English language, peer-
reviewed research, commentaries, and organizational
guidelines in PubMed and online sources on medical
ethical issues in Al. The EPHRC evaluated and discussed
drafts of the paper; it was then reviewed by the ACP
Board of Governors, Board of Regents, Council of Early
Career Physicians, Council of Resident/Fellow Members,
and Council of Student Members, and other committees
and experts and was revised to incorporate comments
from these groups and individuals. The ACP Board of
Regents approved the paper on 14 April 2026.

POSITION STATEMENTS

Position 1. The patient-physician relationship is the
core of health care. Al must be implemented clinically
to support, not weaken, this relationship.

To improve patient care, Al should be used to
enhance the patient-physician relationship (18). Ambient
scribes, for example, show promise in reducing elec-
tronic health record (EHR) burden, allowing physicians
to focus more on the patient. But at present, Al scribes
may introduce “hallucinations,” reflect implicit or explicit
bias, or unintentionally influence clinical decision making
(19-21). Nearly 60% of Americans have expressed con-
cern that Al use would worsen patient relationships with
clinicians (22). The EHR provides a cautionary tale.
Designed to optimize not patient care but billing and
other tasks, EHRs have reduced time spent with patients
and increased physician workload (18, 23, 24).

Attention
Deep, sustained focus on another person cannot be
replicated by machines (25). Attention in the patient-
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physician relationship promotes quality care, satisfac-
tion, and meaning for patients and physicians (26).
Sustained relationships may improve patient outcomes,
particularly for chronic conditions (27). But Al could di-
minish attention by creating ever-increasing distractions
in risk scores, algorithmic output, and automated mes-
sages; or Al could support attention to the patient by
reducing administrative tasks.

Patients perceive that their physicians spent more
time with them (and not the computer) with the help
of ambient scribes (19). However, other studies have
been less optimistic, raising concerns over privacy and
calling for more study (28, 29). Note writing or replying
to patient portal messages using Al might improve effi-
ciency, but attention might be diminished. Writing a
note can aid physician reasoning and judgment about
diagnosis and treatment, supplementing attention. A
human response to a patient message can express
care, which a chatbot can only mimic.

Time and Access to Care

Time is critical to the patient-physician relation-
ship (30). The net effect of Al on time is presently
unclear. Denials of coverage enabled by Al can neces-
sitate time-consuming appeals and prior authoriza-
tions. Yet Al tools could counter Al-enabled denials
(31). Coverage decisions should be based on individual
patient needs, not just Al aggregate population data.
Potential efficiency gains from Al should yield better
quality time with patients, not expectations that Al will
enable shorter visits so that physicians can see more
patients.

Access to Physicians

Use of Al should promote patient-physician rela-
tionships. Patient-facing chatbots are being used for
checking symptoms, mental health care, providing
test results, and scheduling (32). With constant avail-
ability and linkages to the EHR, chatbots and other Al
tools could empower patients in new ways, overcoming
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geographic, temporal, and other barriers to care.
However, some EHR chatbots do not share patient
interactions with the care team. Digital twins—Al-
generated bots that can mimic voice and likeness—could
undermine the patient-physician relationship by discon-
necting patients from physicians/team members. A shift
to Al-initiated care raises questions of fairness. Some
patients could be excluded because of digital literacy
or lack of internet access, unless there are alternatives.
The Al-based tools used in dermatology and radiology
can overcome some access barriers and physician short-
ages. However, these tools should not engender
second-tier care for some populations.

Position 2. Al is affecting medical practice, research,
and learning. Physicians and trainees must recommit to
the competencies of caring and develop new compe-
tencies on the appropriate use of Al.

Medical education could be augmented by Al from
medical school through continuing medical education.
Chatbots could provide simulated patients, and individ-
ualized assessments created and graded by Al could
foster personalized education. However, using Al for
education may be especially concerning for less expe-
rienced physicians who may not identify a hallucination
or inaccuracy in Al output. Learning critical reasoning
in traditional ways may be necessary to effectively use
Al tools.

Deskilling

Using Al tools can result in “deskilling” (33).
Deskilling is an individual- and system-level issue (for
example, shorter appointment times make reliance on
echocardiography easier than a careful cardiac exami-
nation) (34). Current evidence is limited on Al deskill-
ing (35), but reliance on Al may develop rapidly (36).
Deskilling is an ethical issue because it can result in
patient harm when automated systems err or fail, dis-
rupt patient-physician relationships, and threaten phy-
sician self-governance as professionals with specialized
knowledge and duties. Individual physicians and train-
ees must be attentive to deskilling, advocating for skills
essential for the caring art of medical practice. Ideally,
Al will lead to upskilling, enhancing physicians’ capaci-
ties for diagnosis, care, and compassion while Al is
used to accomplish tasks such as pattern recognition in
images or large data sets, summarization of structured
data, and administrative tasks. Emerging frameworks
emphasizing Al-independent competencies and super-
vision show promise in developing evidence-based edu-
cational safeguards (37).

Recommitting to Competencies of Caring

With increasing Al use, the core competencies of
caring and virtuous physicians become more important
(38). Patients fear Al could focus attention on the Al tool
and not the person (39). In education, Al-generated
experiences cannot replicate how an embodied and
encultured patient participates in a history and physical
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examination (40). Human clinical encounters not only
gather and provide information but also are opportuni-
ties to convey the physician’s caring for and responsibil-
ities to the patient (41, 42). Although Al tools can deliver
educational content, they cannot create a moral commu-
nity and support independent practical reasoning. Role
models who demonstrate the ethical use of Al while
maintaining the competencies of caring are needed.

Developing Competencies Related to Al

Physicians need to develop competency in the
appropriate use of Al (43, 44). Generative Al responses
to clinical queries vary with how a question is asked,
the availability of evidence, and the algorithms a spe-
cific model uses to prioritize sources (creating conflicts
of interest if advertising or financial relationships influ-
ence content) (45). Physicians must develop “prompt
literacy” to best query the tools. Critical appraisal of Al
responses requires assessing what Al says and the level
of certainty. Such skills will also prepare physicians for
talking with patients—who may themselves query Al
before a visit-about Al's benefits and risks.

Position 3. When physicians use Al to support
medical decision making, that use should respect and
promote—not replace—physician-independent clinical
judgment and recommendations based on the patient’s
individual needs and values.

Use of Al can potentially assist diagnosis, provide
tailored treatment recommendations, and offer person-
alized preventive care information. For some tasks (for
example, mammography screening [46] or skin cancer
detection [47]), Al may augment diagnostic accuracy.

However, because Al is trained using historical data,
it could narrow choice, locking individuals into past
selves (48) or manipulate decision making for financial
gain. Thus, ACP has emphasized transparency and that
Al tools should not replace decision making by patients
and physicians (18). The ability of Al to pass a licensing
examination cannot be confused with real-world medi-
cal competence, commitment, and professional discre-
tion (49, 50).

Transparency

Although essential, transparency does not require
disclosing and documenting every detail of every Al
model (13). Physicians should tailor the information
disclosed and documented about Al use to the indi-
vidual patient, using individualized clinical judgment,
as they have always done (51).

Nevertheless, the newness of Al and patient con-
cerns suggest erring on the side of disclosure. For
instance, a physician using ambient note taking should
disclose that use and basic information about data pri-
vacy. Just as physicians adeptly describe how clinical
trial findings do or do not apply to a patient, physicians
should be prepared to describe basic facts about Al sys-
tems and their applicability to individual patients. When
done well (that is, when basic features of Al models are

Annals of Internal Medicine 3

Downloaded from https://annals.org by Agoos Medical Library on 09/14/2026.



PosiTioN PAPER

clearly presented and updated regularly or dynami-
cally in real time, as models change), Al “nutrition
labels” show promise for facilitating patient-physician
conversations (52).

As Al evolves, how much to disclose and when
could change. Without flexibility, disclosure and docu-
mentation requirements may inadvertently reinforce Al
fear. Health systems might use Al to detect pulmonary
nodules or coronary calcification on computed tomog-
raphy scans done for other purposes, and then directly
contact patients, or use Al for other administrative pur-
poses (for example, billing and revenue). When outside
of patient-physician relationships, disclosure obligations
rightly fall on health systems or other entities to develop
accessible, culturally acceptable patient-friendly informa-
tion. Publicly available, central reporting systems could
support obligations of transparency (53).

Explainability

Explainability emphasizes conveying how an Al
model works. Some Al models, such as deep neural
networks, may be “black boxes,” unknown and unknow-
able. Explainability may improve knowledge and use of
Al, but knowledge evolves; consider how the mecha-
nism behind statin effectiveness has changed over
time (54). Although knowing how something works is
important, many patients and physicians would choose
a model that is more accurate over one that is “explain-

able” (55).

Ethical Responsibility

While legal questions relate to whether Al-based
technologies become the standard of care (56), ethical
responsibility is broader, involving the physician’s pri-
mary commitment to the patient as technology interdi-
gitates with medical decisions (38).

Complexity or inexplicability does not mean lack
of responsibility. Physician responsibility to the patient
does not change when Al technology is involved any
more than when another human is involved (for
example, a radiologist reading a radiograph). Keeping
a physician “in the decision-making loop” with Al can
promote choice and responsibility but is not a pana-
cea. Time pressures, perceived liability concerns, and
medical decision complexity may make it easier for
physicians to follow the algorithm (“automation bias”);
overskepticism of Al may mean less use than is indi-
cated (18). "Meaningful human control,” which empha-
sizes human needs and values throughout Al system
design and patient-physician decision making under
model uncertainty, may better conceptualize physician
involvement and control (55). In addition, because Al
may be used differently by different health care team
members, addressing how shared interprofessional
responsibility works in practice will be critical.

Most Al use in medicine will include physicians or
other health professionals, but fully autonomous Al is
possible (57). Caution is in order. Medical decisions
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involve a complex interplay of medical facts, patient
values, and uncertainty that require human and humane
care. Autonomous Al use should be rare, limited to
low-risk, low-complexity decisions, and always allow for
bringing a clinician into the loop.

Position 4. Physicians, in coordination with clinics,
hospitals, and health systems, must seek to identify and
mitigate the effects of algorithmic bias in the use of Al,
including by addressing root social and structural causes.

Physician commitment to justice means ensuring
that the life-enhancing potential of health care is accessi-
ble to all patients (17). Previously, ACP has described
how Al-based technologies can exhibit unjustified
differential performance between groups based in
bias (18).

Bias is not unique to Al. Traditional clinical risk cal-
culators can exhibit differential performance based on
sociodemographic factors, and human-delivered care
can involve implicit and explicit biases (58, 59). The
inexplicability of some Al-based algorithms and the
faulty perception that algorithms are inherently neu-
tral make addressing Al bias particularly important.

Self-governance means physicians should identify
and manage bias proactively. Rapidly evolving federal
rules and state laws may hold health care-covered
entities responsible for addressing possible discrimi-
nation in algorithms (60, 61).

Mitigating Bias

Reducing bias in Al requires understanding its
manifold causes (62), including biased data sets and
the deeper historical, social, and structural unfairness
that biased data reflect (63). Mitigating bias in Al will
require more than weighting or adjusting data and/or
models after the fact or creating simulated data (64). It
requires moving upstream to address health inequity
and the social determinants of health.

Complicating matters, philosophical agreement
on fairness remains elusive. In addition, the impossi-
bility theorem of algorithmic fairness suggests that
under real-world conditions, all statistical definitions of
fairness cannot be met simultaneously (65). With no
singular, universal way to designate an Al algorithm
unequivocally “fair,” the ethical obligation shifts to
ensuring relevant tradeoffs are identified and exam-
ined honestly and transparently (66).

At the point of care, physicians should be aware of
bias in Al algorithms, just as for other clinical calcula-
tors, but should not assume that all models are biased,
biased in the same way, or necessarily more biased
than existing known biases. Not using Al for certain
groups of patients could deny them the benefits of Al
and, if the Al model continues to learn from this behav-
ior, create a negative feedback loop that reduces Al
performance for those patients (67).

Fairness Metrics
Urgent attention is needed to develop diverse Al fair-
ness metrics to assess models (68). Fairness assessment
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requires multiple metrics considering different dimen-
sions of fairness and disease prevalence or incidence,
severity, model performance, and more. Fairness also
requires asking whether an Al application meets the
expressed needs of patients, families, and commun-
ities. A recently developed metric examines not just
whether an Al model does no harm or improves all
groups equally (as “a rising tide lifts all boats"); instead,
it attempts to evaluate the effect of Al on underlying
health disparities (69). Validated fairness metrics can
be incorporated into Al nutrition labels (52).

Governance Models

Governance models can help manage Al ethically
and meet the obligations of health system algorithm
users to identify and manage bias (70, 71). Limitations
in current U.S. Food and Drug Administration review
of Al-enabled devices (including lack of clinical per-
formance data [72]) make local governance essential.
Good models include governance throughout the
project life cycle, including the critical questions of
why a particular problem is worth solving (that is, is
there a demonstrated patient need?) and why Al-based
solutions are required (73). Decisions about managing
ethical issues should be calibrated to the riskiness of a
particular clinical use; with greater risk should come
greater obligations about transparency, disclosure, fair-
ness, and more.

As a matter of stewardship, consideration of potential
environmental impacts of Al is needed (18). Technology
is rapidly evolving, but current training and use of Al
models require, for example, substantial electricity and
water consumption (74). The Al-based queries use
more energy than non-Al internet queries, although
precise estimates are difficult to come by (75). Locating
Al data centers in socially vulnerable communities (76)
raises issues of harm to individuals and health equity if
risks from emissions, water pollution, or climate-related
effects are unequally distributed. Responsible and effi-
cient resource consumption (for example, by optimiz-
ing electricity use) and technological advancement to
reduce resource use are required. A comprehensive
approach is needed, guided by principles of steward-
ship, transparency, and equity (alongside discussing
health care resource use more broadly).

Diverse, multidisciplinary teams including leaders,
clinicians, informaticists, ethicists, and others are likely
to make better decisions about fairness and other
ethical issues in Al in medical practice. Physicians
should lead these efforts. This should include robust
and authentic patient and community engagement,
recognizing how important patient trust is to both use
of Al and medicine (77, 78). Doing so could help
address upstream factors, including mistrust and other
social determinants, that lead to biased Al. Many health
organizations are actively developing Al governance
models. Although there is no “one-size-fits-all” solution,
this creates opportunities to identify and share best
practices to improve governance over time.
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ConcLusION

Now is the time for physicians to consider how to
harness Al's transformative potential while avoiding
patient harm. Ethical principles and guideposts of rela-
tionality, self-governance, and competence must shape
Al's use in medical practice, based in “a code of ethics
and a duty of service that, in medicine, puts patient care
above self-interest,” and medicine’s societally granted
privilege of self-regulation (17). Use of Al must be imple-
mented in alignment with ethical and professional stand-
ards to improve patient care.
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